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frCxy) G S ER IIACE 243k 88
filx,y), (x,y) € fi
flx,y) ={w, fi(x,y) +w, f,(x,y), (x,5) € (/i NL). (18)
f(x,y), (x,y) € f,
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Research on the Prediction of Group User Sentiment Trend
Based on Commodity Comment

ZHOU Junpeng', GAO Ling"?, CAO Rui', GAO Quanli*, ZHENG Jie', WANG Hai'
(1. School of Information Science and Technology, Northwest University, Xi'an 710027, China;
2. School of Computer Science, Xi'an Polytechnic University, Xi'an 710048, China)

Abstract; The group user sentiment trend prediction method which was based on commodity comment
was proposed. Firstly, the analysis method of emotional characteristic words based on BosonNLP was put
forward, to select the commodity comment information in the time dimension. Secondly, MLP was con-
structed by using group user multi-dimensional feature vector to analyze user’s sentiment. Finally, the
group user time sentiment tendency sequence was constructed by integrating the comment time and the us-
er’s sentimental trendency value. The sequence sentimental trend prediction was performed by using the
LSTM model. Experimental results of large-scale real datasets indicated that the MLP model had a good
classification effect. Compared with the existing autoregressive ( AR) model, the average MSE of the
LSTM was reduced by 79. 06% , which could achieve a more accurate prediction result.

Key words: group user; commodity comment; sentiment analysis; time series; trend prediction

(B4 AL %)

(E#E% 10 )
A Review on Image Mosaicing Techniques

PEI Hongxing, LIU Jinda, GE Jialong, ZHANG Bin
(School of Physics and Engineering, Zhengzhou University, Zhengzhou 450001, China)

Abstract: Image mosaicing was analyzed and summarized comprehensively. Based on the development of
this technology the background and applications were described generally. The definition and steps of im-
age mosaicing were indicated initially, and the algorithms of image registration were examined by classif-
ying them into several groups. For each algorithm, especially the scale-invariant feature transform
(SIFT) , the basic theory and characteristics were demonstrated in detail. In the last part, the classifica-
tions of image fusion were illustrated and methods of this stage, specially the weighted average, were ex-
plained briefly. In addition, the challenges and tendencies of image mosaicing were also pointed out.

Key words: image mosaicing; image registration; image fusion; scale-invariant feature transform ( SIFT)
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