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Fig.3 Radar signal processed by Kalman filter
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Fig.7 The contrast between the speed gained by Kalman filter and that gained by federal Kalman filter
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Multi-sensor Information Fusion Algorithm in Automotive
Anti-collision System Based on Federated Kalman Filter

KONG Jinsheng ~ ZHANG Xi-ya  CUI Ying-hui
( School of Electrical Engineering Zhengzhou University Zhengzhou 450001 China)

Abstract: The perception of vehicle running information was one of the key technologies in automotive
anti—collision system. And it was easy to cause false alter when using the single sensor measured the aim
vehicle. The multi-sensor information fusion algorithm based on federated Kalman filter was introduced
and applied to solve the multisensor information fusion problem in automotive anti-collision system. The
simulation results showed that the federated Kalman filter can receive accurate fusion data and enhance
the safety of automotive anti-eollision system.
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