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Begin
1. if a,«— CorrelationAnalysis (k,,A) & a,e A then
2 PrincipalComponentAnalysis(a, ,a;) ;
3. Document Popularity Model«—ComponentScoreMatrix(a,,a,) ;
4. D «— DocumentPopularity Model (t,) ;
5 else
RemoveAttributes(a, ) ;

6 end if

topicList = GibbsSamplingLDA(D,P) ;
8. return topicList;
End
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Tab.1 Total variance explained Tab.2 Principal component load matrix

o W4 FEAEAE HEBCF 5 A #k A e 1270 A4 1 B4 2

BiF /% BRUR B D% BBU% Reddit 0.553 -0.102

1 2.513 41.875 41.875 2.513 41.875 41.875 Bloggers 0.597 0.572

2 1.156 19.274 61.149 1.156 19.274 61.149 Twitter 0.716 -0.340

3 0.913 15.209 76.358 Google + 0.726 -0.312

4 0.59 8.817 85.175 News 0. 464 0. 749

5 0.507 8.452  93.627 Facebook 0.772 ~0.211
6  0.382 6.373 100.000
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Tab.4 Top 10 papers ranked by the social-network-based evaluating model

Pooc [N SCHR b Reddit Bloggers News Twitter Google + Facebook
780. 243 Peer-review practices of psychological--- 0 12 3 2 586 39 93
218. 444 Judgments About Fact and Fiction--- 8 8 13 476 19 232
123. 100 The prevalence of statistical reporting:-- 0 2 0 425 2 3
74. 505 Shut up and pet me! Domestic dogs--- 0 5 6 191 2 56
63.618 Embodied Cognition is Not What --- 2 10 0 185 12 15
60. 808 Differences in negativity bias --- 2 3 2 207 1
51. 040 Scent of the familiar; An fMRI study - 4 0 0 176 0
44.610 Algorithms for Solving Rubik’s Cubes 1 1 9 148 0 1
43.590 The weirdest people in the world? 2 6 5 137 5 1
41.284 Disentangling canid howls across--- 1 9 21 91 6 24
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Tab.5 Frontier hot topics
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Subject Frontiers Hot Spots Mining Based on Social Network Attention

ZHANG Hui', YANG Xiaoyan®, ZHAO Xujian®, YANG Chunming’, LI Bo’
(1. School of Science, Southwest University of Science and Technology, Mianyang 621010, China;
2. School of Computer Science and Technology, Southwest University of Science and Technology
Mianyang 621010, China)

Abstract; Mining subject hotspots from scientific literature data was an urgent problem in the academic
and industry field. The existing methods couldn’t consider the popularity of a scientific paper as a propa-
gating object in the social network, which reflected the practical popularity of information diffusion time-
ly. A hotspot mining method was proposed. Firstly, the literature popularity evaluation model was con-
structed for social network attention scoring. The model consisted of data correlation analyzing, correlated
attributes partitioning and social network attention degree factor mining. Meanwhile, LDA model was
adopted to discover the hotspots from the scientific papers. Finally, contrastive experiments were per-
formed on the topic of artificial intelligence and image processing. The results showed that the method
could timely discover recent hotspots, so it was effective in hot frontiers mining.

Key words: literature evaluation model; social network attention; correlation analysis; LDA model; fac-
tor mining

(DAL 25 4 - 75 JE00)



